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ABSTRACT

Media literacy, a vital field of research and educational practice, is attracting considerable
scholarly attention, resulting in a burgeoning research literature. While numerous bibliometric
studies have sought to capture the key features and themes of this body of literature, its rapid
proliferation requires greater scalability and stronger capability to identify and characterize latent
topics. In this study we address this gap by offering a computational bibliometric analysis of
a corpus of 4,082 research documents on media literacy, spanning the period from 1985 to
2024. Through analysis of the documents’ metadata with natural language processing (NLP)
using Latent Dirichlet Allocation (LDA) with Orange3, an open-access data mining software
tool, we identify seven principal topics, each represented by a specific set of documents. The
topics pertain to media publications and online content, critical thinking, youth behaviour,
new media skills in education, news and misinformation, health (particularly among females),
and communication strategies. We characterize these media literacy research topics with the
assistance of a Large Language Model to generate a short synthetic description based on each
topic’s top keywords. We complement our analysis with VOSviewer to produce co-citation maps
of publication sources and authors to identify the disciplinary structure of the field, key ML
authors, and their research contributions, which focus especially on media literacy education,
digital media, behavioural issues, health impacts, and public perceptions.
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1 Introduction

In today’s deeply mediatized world (Hepp, 2019; Lundby, 2014), media have become
integral to everyday life, shaping perceptions, beliefs, attitudes, and individual and social
behaviours. Profound and rapid mediatization is heightening demand for media literacy (ML).
Broadly speaking, ML involves equipping individuals with skills to critically assess media
content, evaluate credibility, responsibly create and share media, reflect on personal media
use, and communicate with others (Trultzsch-Wijnen, 2020). By fostering critical engagement,
ML empowers individuals to understand media’s roles, recognize biases, protect against
misinformation, and communicate effectively and responsibly (Bulger & Davison, 2018; Jolls
& Wilson, 2014; Hobbs, 2019). Media literacy is considered essential for active citizenship in
modern democracies (De Abreu, 2022).

Rapid recent growth in ML research highlights the increasing significance of this field for
both inquiry and practice. As of late 2024, the Scopus database listed over 5,000 documents
featuring the term “media literacy” in their title, abstract, or keywords. This body of research
literature spans a range of disciplines and fields, and is notably varied in terms of focus,
methodologies, conceptual frameworks, objectives, and themes. As Potter (2010) notes, ML
is defined differently across various groups of stakeholders (scholars, activists, educators,
parents, and policymakers) who each emphasizes specific aspects. Researchers and educators
operationalize and measure the concept of ML in various ways (Potter, 2018): while some focus
on cognitive skills such as critical thinking or fact-checking, others emphasize ML’s role in
advancing social justice or examine its social and emotional impacts, including self-reflection
and personal identity formation.

Furthermore, rapid digital mediatization has increased the heterogeneity of the media
literacy research field, as reflected in the various combinations and specialities of media-related
literacy, including information literacy, health literacy, digital literacy, social media literacy, visual
literacy, advertising literacy, news literacy, computer literacy, algorithmic literacy, gaming literacy,
financial literacy, artificial intelligence literacy, and more (see, e.g., Koltay, 2011; Laupichler et
al., 2022; Polanco-Levican & Salvo-Garrido, 2022; Wuyckens et al., 2022; Yang et al., 2022).
The variety and breadth of modern ML perspectives and practices is evident in ML handbooks
(e.g., Fastrez & Landry, 2023; Frau-Meigs et al., 2020; Yildiz, 2015).

The rapid growth of the research literature and the variety of ML approaches and themes
make it challenging to maintain a comprehensive overview of the ML field (Hobbs, 2022).
This has complicated the development of a unified framework to guide research or practical
applications, challenging educators and policymakers regarding effective approaches to media
literacy education. For instance, it remains difficult to set consistent literacy standards in the
absence of broadly accepted metrics for measuring media literacy (Schofield et al., 2023).

Our purpose in this paper is to identify and describe key topics in the ML literature. To do this,
we employ topic modelling, a natural language processing (NLP) technique to analyze and map
large collections of text (Verma & Yuvaraj, 2023). Among the available topic modelling techniques,
Latent Dirichlet Allocation (LDA) is increasingly popular for computational identification of topics
within large corpora (Sonk & Tunger, 2024). LDA-based topic modelling can now be conducted
with open-access tools requiring minimal programming experience in languages like Python or R.
For the present analysis, we utilize Orange3 (Orange, n.d.), a free data mining and visualization
software tool, to reveal latent topics in the ML research literature. Additionally, we employ
VOSviewer to visualize co-citation relationships, and a Large Language Model (LLM) to generate
concise synthetic descriptions of each topic, offering a novel approach to topic characterization.
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1.1 The State of Bibliometric Research on Media Literacy

The voluminous and sprawling media literacy research literature has inspired numerous
reviews. These reviews employ a variety of methods, including systematic, meta-analytic,
qualitative mapping, integrative, and bibliometric approaches. In this section we provide a
selective review of fifteen bibliometric papers (Alagu & Thanuskodi, 2019; Andrade Girén
et al., 2024; Asadzandi et al., 2013; Bapte, 2021; Federov & Mikhaleva, 2020; Ghanbari
Baghestan, 2019; Guerola-Navarro et al., 2023; He et al., 2021; Janavi & Abdi, 2021; Kolle, 2017;
Kutlu-Abu & Arslan, 2023; Onyancha, 2023; Park et al., 2021; Rohit & Kikon, 2023; Wu et al.,
2025) that focus on media literacy or closely related, adjacent, or overlapping areas such as
digital or information literacy. Typically, these research papers use metadata from bibliographic
records in Scopus, Web of Science, or the China National Knowledge Infrastructure (CNKI). The
most frequently employed bibliometric software tools are VOSviewer, Bibliometrix, and CiteSpace
to map, visualize, and analyze the patterns, trends, and themes of research publications. These
software tools typically measure the annual number and types of publications, prominence of
authors and journals by number of publications, institutional and geographic origins of authors,
sources of publications, clusters of authors and sources through bibliometric coupling and
co-citation analysis, and the salience of each of these in terms of citation volume and social
media visibility. Below we summarize the main findings of bibliometric research on media
literacy to date.

The ML research literature is burgeoning. Every study reviewed here identifies a substantial
increase in the volume of publications on media and digital literacy over the past two decades,
reflecting the increasing interest in media literacy as a response to rapid mediatization and
digitalization. Ghanbari Baghestan (2019) observes substantial growth of media literacy research
over the period from 1970 to 2019, notably in the early 2000s. Bapte (2021) likewise reports a
significant increase in media literacy publications in recent years, associated with widespread
concerns about media consumption, digital safety, and misinformation.

Media evolution constantly challenges media literacy. Andrade Girdn et al. (2024)
examine nearly 70 years of digital and media literacy research. They identify distinct periods of
growth associated with technological advancements and policy shifts, such as the introduction
of the internet in the 1990s and social media in the 2010s, highlighting a shift in focus from
terms like ‘broadcast’ and ‘media access’ to contemporary keywords such as ‘digital literacy’,
‘empowerment’, and ‘online safety’ (Andrade Girdn et al., 2024). This shift in vocabulary reflects a
transition from older conceptions of media literacy, centred on preventing harmful media effects
on passive audiences, to digital literacy, emphasizing active participation, critical evaluation,
and safety in digital spaces.

The ML research literature covers a wide and diverse range of themes. Bibliometric
researchers often use word co-occurrence analysis to identify themes. Research reveals an
expansive and diverse range of media literacy themes. For example, Ghanbari Baghestan
(2019) identifies youth, education, and behaviour as key themes, while Wu et al. (2025) note
rising emphasis on e-learning, health literacy, and social media, showing that digital literacy
research includes applied contexts in health and online education. Park et al. (2021) show
media literacy’s overlaps with other literacies, such as ICT literacy, information literacy, and
digital citizenship, suggesting multi-disciplinarity of media literacy frameworks. Kutlu-Abu and
Arslan (2023) identify a digital citizenship theme and emphasize expansion of media literacy
frameworks to address civic responsibilities, ethical considerations, and critical engagement in
digital spaces. They also observe the predominance of themes of media and information literacy,
anti-colonial, and communication and education, while Guerola-Navarro et al. (2023) observe an
emphasis on the theme of citizen participation. Kolle (2017) finds digital divide, media literacy,
pedagogy, higher education and critical thinking as research themes in the information literacy
domain. Wang and He (2022) find the integration of digital technology in higher education,
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the educational practices of digital literacy, and the evaluation of digital literacy’s effectiveness,
especially in times of crises such as the COVID-19 pandemic, as predominant themes in the
digital literacy research literature.

ML research largely concentrates on Western cultural and social contexts. Media
literacy research remains geographically concentrated in Western countries, especially the
USA and Europe. This predominance is partly due to the importance attributed to media
literacy in enabling democratic practices, a concept that has been widely adopted in North
American and European education (Federov & Mikhaleva, 2020). However, studies note growing
contributions from Asia, particularly China (He et al., 2021). Regional differences influence
thematic focus, with Western research emphasizing societal impacts, while Chinese research
prioritizes education and international studies, shaped by cultural and political contexts (He et
al., 2021). Onyancha (2023) observes that Africa’s output remains relatively low and emphasizes
the need for increased research from the South to diversify perspectives and improve global
media and information literacy discourse.

Collaboration among researchers is increasing. This is seen in expanding co-authorship
networks across regions and institutions. Studies by Kutlu-Abu and Arslan (2023) and Janavi
and Abdi (2021) identify interdisciplinary, multi-author collaborations in thematic clusters such
as digital citizenship and technology integration in education. Kolle (2017) also observes a
growth in collaborative authorship in information literacy research over the years. Kolle notes that
institutions of higher education are central to these research networks, with universities playing
a key role in producing media literacy research. Overall, authors consider that international
collaboration enhances the depth and variety of perspectives within ML research.

2 Methodology

Bibliometric software tools have significantly streamlined and automated the generation of
insights into large corpora of research literature through computational literature reviews (CLRs)
(Antons et al., 2021). While co-citation analysis and bibliometric coupling allow researchers
to identify networks of authors and sources, and text mining allows identification of themes,
topic modelling with LDA provides sharper definition of topics and identification of groups of
papers that represent each topic. This is what we set out to do with the media literacy research
literature, using the topic modelling capabilities of Orange3.

We follow the guidelines for bibliometric research proposed by Oztiirk et al. (2024). The
four steps in the process are: 1) define the aim of the research; 2) collect data on the relevant
literature; 3) analysis and visualization; 4) interpret the results and findings.

The aim of our research is to identify the key topics in the media literacy research literature
and the papers that best represent these topics. We collected our data from the Scopus
database. We selected Scopus due to its extensive coverage, with approximately 15% more
indexed journals than Web of Science (Asubiaro et al., 2024), over 75 million scientific papers,
and contributions from 5,000 publishers worldwide (Medias et al., 2024). Additionally, Scopus
encompasses a broader range of journals, particularly in the social sciences, compared to
other scientific databases such as Web of Science (Medias et al., 2024).

We queried the term “media literacy” within titles, keywords, and abstracts from 1985 through
2024, resulting in the identification of 5,279 documents. After removing non-English-language
documents, 4,765 records were retrieved. The document title, abstract, keywords, and citation
information were exported to a CSV file." After manually cleaning the data, i.e., removing duplicates,
editorials, corrections, retractions, and so on, 4,082 documents remained in the corpus for analysis.

Authors’ note: This format is particularly valuable in Natural Language Processing (NLP) and its methods, as
it facilitates the efficient retrieval, analysis of data, and the generation of more accurate results (Tapsai, 2018).
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We used a data and text mining tool, Orange3 to analyze the bibliographic metadata and
identify topics. Orange3 is an open-access software tool that can derive meaningful and useful
insights from a corpus through various methods such as text mining and topic modelling
(Chai, 2022). Orange3 operates on Python scripting to analyze data without requiring prior
programming experience (Sonk & Tunger, 2024). It includes a variety of machine learning
algorithms, preprocessing, and data visualization capabilities that are organized as ‘widgets’
(Sitorus et al., 2024).

Topic modelling comprises techniques to detect the latent topics in a corpus (Hickman et
al., 2022). Latent Dirichlet Allocation (LDA) is the most widely used method of topic modelling,
effectively uncovering latent topics and co-occurrences between words (Mustak et al., 2021,
in Verma & Yuvaraj, 2023). LDA is an unsupervised topic modelling technique (Ni et al., 2023)
that posits any document as a random mixture of topics (Jelodar et al., 2019). It uses NLP
machine learning algorithms to identify latent topics (Isabelle & Westerlund, 2024). In addition,
as a generative probabilistic model of a corpus (Blei et al., 2003) LDA can analyze extensive
corpora (Jelodar et al., 2019) irrespective of the order of words in documents, randomly picking
the most frequent words to assign to topics and topics to documents. LDA is flexible and able
to handle new documents without overfitting, compared to other methods such as Latent
Semantic Indexing (LSI) (Blei, 2012).

However, a challenge presented by LDA is the lack of a straightforward computational
method to select the optimal number of topics (Blei et al., 2003; Blei, 2012). As a soft clustering
technique, LDA assigns documents to more than one topic, so documents may exhibit
overlapping topic distributions (Antons et al., 2023; Xia et al., 2019). The onus is on the researcher
to determine the number of topics. A way to address this issue is to select a relatively smaller
number of topics while ensuring minimal overlaps and topic exclusivity (Isabelle & Westerlund,
2023). To evaluate this, a topic’s top keywords should not appear within the top keywords of
other topics. An overly small number of topics may create meaning insufficiency, and a copious
number of topics will create over-divisions in clusters and topic overlaps (Verma & Yuvaraj,
2023). A complementary approach to the challenge of selecting the proper number of topics
is to evaluate possible solutions with two statistics: log perplexity (Blei et al., 2012; Ni et al.,
2023) and topic coherence, which can help determine how semantically close words are (Ni et
al., 2023). In this procedure, one seeks lower log perplexity and higher topic coherence scores.
Finally, to improve topic separation, a semi-supervised approach can be employed by joining
LDA with other algorithms (Xia et al., 2019). In this study, we applied a regression-based model
along with a predefined probability threshold to refine topic assignments, ensuring that groups
of documents within each topic remained distinct and did not significantly overlap with others.

Orange3’s implementation of LDA is useful for addressing bias and validation concerns.
By enabling parameter adjustments, we can systematically supervise and modify parameters
multiple times to mitigate noise and improve the validity of results. Specifically, we incorporated
a customized stopwords list, addressed topic overlaps in modelling, and developed an ontology
list to portray the semantic relationships among words with the highest LDA scores in each topic.

Preprocessing is one of the primary steps in text mining to prepare text to become
usable for analysis (Chai, 2023). Preprocessing applies tokenization - i.e., including relevant
units, such as words and phrases, and excluding irrelevant content for analysis, such as
non-alphabetic characters and stopwords (Hickman et al., 2022). Operating on Python, the
Orange3 preprocessing widget uses an open-vocabulary dictionary which gives freedom to
researchers to customize the steps (Hickman et al., 2022). To refine the corpus, we removed
uninformative words (Casillano, 2022; Hickman et al., 2022). To further fine-tune the corpus
and enhance accuracy and meaningfulness, we added an individual text file of non-content
words, including prepositions, single letters, and modal verbs to the ‘filtering’ section. Then, we
removed excessively infrequent words in less than 10% of documents and excessively common
words in over 90% of documents. We normalized the corpus using the ‘wordnet lemmatizer’
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to simplify words to their root forms within unigrams (Casillano, 2022), as bigrams do not
significantly enhance analysis (Denny & Spirling, 2018). The final output was 118,647 tokens.

We employed Orange3’s LDA ‘topic modelling’ widget to identify the most prevalent topics
in the corpus. To measure the distribution of each topic across the corpus and determine the
cut-off points for each topic, we used the LDAvis widget to select documents with LDA scores
above 0.6 for each topic (Sievert & Shirley, 2014). This ensures that topics are defined by the most
representative documents, and that no other topic is significantly defined by the same documents.

We used the ‘extract keywords’ widget to apply the TF-IDF method, which scores words
by their frequency in documents: words with higher scores are significant in a few documents,
while lower scores represent common words across the entire corpus (Casillano, 2022). Then,
we used the ‘word list’ widget to extract the list of top words. We used the ‘word cloud’ widget
to display the words co-occurring in each specific topic and for the entire corpus. The larger
the size of a word in the word cloud, the more frequent it is in the corpus (Casillano, 2022).

We used the ‘ontology’ widget together with LDA. The word with the highest weight in LDA
can be logged in the ontology (Ali et al., 2019). We logged the two top words of each topic
separately into the widget to examine the semantic relationships between words, including
synonyms, symmetric meanings (Tapsai, 2018), and collocations.

We used ChatGPT, one of the most prominent Al language models (Ray, 2023), to compose
a brief synthetic description of each topic. We used a two-shot prompt engineering approach,
based on the top 15 words from the word cloud and keywords, that were provided to the chat
model and iteratively refined.

Last but not least, we employed VOSviewer (n.d.) to conduct a co-citation analysis of
sources and authors to provide a deeper understanding of the ML field’s connections with
other research domains, and to identify key authors in the media literacy field.

3 Results

Based on the log perplexity and topic coherence scores, and on close analysis of overlaps
among the topics in various solutions, we settled on a seven-topic solution (fully described in
appendix A). This solution successfully classifies 1,784 of the documents in the corpus.” The
most frequent words in this literature are ‘social’, ‘student’, ‘digital’, ‘study’, ‘education’, and
‘information’. The word cloud in Figure 1 shows the relative importance of the key words in
the whole corpus. To characterize and describe each topic, we used ChatGPT, as described
previously. Results are presented in Table 1.
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The word cloud of the entire ML corpus
Source: own processing via Orange3, 2025

Authors’ note: In other words, 1,784 documents are exclusively assigned to one of the seven topics. The
remaining documents are not defined by one predominant topic.
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social, public, study, critical, communication,

T content, online, using, focus, analysis

T2 education, school, student, critical, study,
teacher, teaching, research, thinking, group

T3 child, research, effect, study, young, people,
group, content, finding, behaviour

T4 student, learning, new, skill, technology, critical,
university, information, design, teaching

T5 information, news, child, education, society,
online, internet, age, communication, people

T6 health, communication, study, behaviour, self,
female, human, related, analysis, survey

7 digital, new, literacy, technology, strategy, culture,

cultural, research, practice, communication
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Media publics: Critical analysis and social
impacts of online content

Critical thinking in teaching and education
to enhance media literacy

The effects of media content on young
people’s behaviours

Enhancing media literacy skills through
modern technology in educational design

Understanding the implications of media
literacy in navigating news and information

The role of media literacy in female health
behaviours and self-image

Communication strategies and cultural
practices for digital literacy

The seven predominant topics within the ML literature

Source: own processing, 2025

3.1 Topic 1: Media Publics: Critical Analysis and Social Impacts of

Online Content

T1 is best represented by 201 documents. The most representative papers are listed
in appendix A. The word cloud and keywords of T1 provide an overview of this topic. The
outputs illustrate the predominance of the words ‘critical’, ‘social’, ‘online’, ‘content’, ‘analysis’,
‘communication’, ‘news’, ‘political’, ‘misinformation’, ‘studies’, ‘community’, practices’,
‘platforms’, ‘information’, and ‘users’ (see, Figure 2). ChatGPT produced the following synthetic

description of T1 based on the keywords:

The topic centres on examining the influence of online content from media and its broader
public impacts within the field of media studies. This critical analysis focuses on how content
is communicated through various platforms, how it shapes community practices, and its
role in disseminating information. Key aspects include the scrutiny of news and political
content, identifying and addressing misinformation, and understanding the dynamics of
social communication in the digital age. The goal is to enhance media literacy by fostering
a better comprehension of the mechanisms through which media content affects societal
norms and individual behaviours. (OpenAl n.d.a)
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In addition to the chatbot’s synthetic description of this topic, the ontology of the highest-
scored words from this topic’s LDA illustrates the semantic relationship between ‘social’,
‘information’, ‘public’, and ‘news’ (see, Appendix A).

3.2 Topic 2: Critical Thinking in Teaching and Education to Enhance
Media Literacy

380 papers best represent T2 on ‘critical thinking in teaching and education to enhance media
literacy’. The word cloud (Figure 3) and keywords output depicted that ‘critical’, ‘education’,
‘teachers’, ‘school’, ‘education’, ‘students’, ‘teaching’, ‘development’, ‘curriculum’, ‘skills’,
‘thinking’, ‘results’, ‘using’, ‘pedagogy’, and ‘culture’ stand out among all the keywords in the
corpus. The papers with the highest LDA score are indicated in Appendix A.
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The word cloud of Topic 2
Source: own processing via Orange3, 2025

ChatGPT produced a synthetic description of T2 based on the top 15 words from the word
cloud and keywords as follows:

This topic explores the integration of critical thinking skills into educational practices to
boost media literacy. It emphasizes the role of teachers in developing curricula that not
only teach students how to critically analyze media content but also encourage a culture
of thoughtful consumption and creation of information. The focus is on using pedagogical
strategies that prioritize critical thinking as a fundamental component of students’
educational development, aiming to improve both individual learning outcomes and the
broader educational environment in schools. The ultimate goal is to equip students with
the necessary skills to navigate and critically engage with the media landscape effectively.
(OpenAl, n.d.b)

The ontology’s output of the keywords shows that there is a semantic relationship between

‘critical thinking’ and ‘education’ in media literacy; the combination of words displaying this are
mainly ‘education’, ‘pedagogy’, ‘teaching’, ‘training’, ‘skills’, and ‘teachers’.
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3.3 Topic 3: The Effects of Media Content on Young People’s Behaviours

T3 is best represented by 127 papers in the corpus (see, Appendix A). According to the
word cloud (Figure 4) and keywords of T3, the words ‘children’, ‘television’, ‘advertising’,
‘content’, ‘violence’, ‘effects’, ‘body’, ‘adolescents’, ‘young’, ‘attitudes’, ‘exposure’, ‘research’,
‘intervention’, ‘parents’, and ‘study’ express Topic 3.
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The word cloud of Topic 3
Source: own processing via Orange3, 2025

ChatGPT'’s synthetic description of this topic based on the top 15 words in the word cloud
and keywords is as follows:

This topic investigates the impact of media content on the behaviour and attitudes of
young people, focusing on how children and adolescents are influenced by what they
consume through television and advertising. It considers the effects of exposure to various
content, including violence and body image representations, and how these influences
might manifest in the behaviour of young viewers. The role of parents in moderating these
effects, alongside potential interventions, is also highlighted. Research in this area aims
to understand and mitigate negative outcomes while providing a framework for healthier
media consumption practices among youth. (OpenAl, n.d.c)

The ontological analysis of the keywords highlights the relationship between ‘advertising’,
‘attitudes’, ‘perceptions’ and ‘violence’ among ‘children’ and ‘adolescents’.

3.4 Topic 4: Enhancing Media Literacy Skills through Modern
Technology in Educational Design

T4 is best represented by 220 papers. The word cloud (Figure 5) and keywords depict
this topic through the words ‘learning’, ‘design’, ‘new’, ‘students’, ‘skills’, ‘online’, ‘digital’,
‘technology’, ‘information’, ‘university’, ‘video’, ‘students’, ‘classrooms’, ‘knowledge’,
‘development’, and ‘approach’.
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Source: own processing via Orange3, 2025

The synthetic description of T4 produced by ChatGPT, based on the top 15 words in the
keywords and word cloud, is as follows:

This topic focuses on leveraging modern technology to enhance media literacy skills through
innovative educational design. It explores how digital tools and online platforms can be
utilized in classrooms, particularly at the university level, to improve the way students
learn and interact with information. Key elements include the integration of video content,
interactive learning modules, and digital resources to develop a more engaging and effective
learning environment. This approach aims to equip students with advanced skills in analyzing
and utilizing media content, fostering a deeper understanding and more critical engagement
with digital information in their academic and personal lives. (OpenAl, n.d.d)

The T4 ontology suggests that this topic frames media literacy mainly in terms of ‘curriculum
design’, ‘online learning’, ‘digital tools and skills’, ‘learning technologies’, and ‘digital learning’.

3.5 Topic 5: Understanding the Implications of Media Literacy
in Navigating News and Information

T5 is characterized by 184 papers (see, Appendix A). The word cloud (Figure 6) and keywords
of this topic show that this topic is expressed mainly in terms of ‘news’, ‘fake’, ‘fake news’,
‘disinformation’, ‘misinformation’, ‘internet’, ‘online’, ‘social’, ‘society’, ‘people’, ‘information’,
‘credibility’, ‘sources’, ‘journalism’, and ‘trust’. Here is ChatGPT’s synthetic description of T5:

This topic explores how media literacy helps individuals navigate the complexities of news

and information in the digital age, with a focus on combating fake news, misinformation,

and disinformation. It emphasizes the critical role of understanding and evaluating the
credibility of sources, especially given the pervasive nature of online and social media
platforms. The study highlights the societal implications of widespread misinformation and
the importance of trustworthy journalism as a counterbalance. Ultimately, it explores how
enhancing media literacy can foster a more informed and discerning populace, capable of
making better decisions in a society inundated with varied and often conflicting information
streams. (OpenAl, n.d.e)

The ontology of this topic depicts the relationship between ‘fake news’, its ‘influence’, and
the ‘spread’ of it in ‘society’.
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3.6 Topic 6: The Role of Media Literacy in Female Health Behaviours
and Self-image

T6 is best represented by 224 papers (see, Appendix A). The words from the word cloud
(Figure 7) and keywords express T6 in terms of ‘body’, ‘sexual’, ‘health’, ‘adolescents’, ‘self’,
‘female’, ‘behaviour’, ‘eating’, ‘intervention’, ‘image’, ‘body image’, ‘health’, ‘associated’, and ‘sexual’.
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ChatGPT provides a synthetic description of T6:

This topic examines the influence of media literacy on female health behaviours and self-
perception, focusing particularly on body image and sexual health. It explores how media
portrayals affect the behaviours and self-esteem of females, especially adolescents, in
areas such as body satisfaction and eating habits. The role of media literacy education
as an intervention tool is emphasized, aiming to help individuals critically analyze and
respond to media messages that often promote unrealistic or unhealthy standards. By
improving media literacy, the goal is to foster a healthier self-image and promote positive
health behaviours among females, mitigating the negative impacts associated with media
exposure. (OpenAl, n.d.f)

The ontology of T6 depicts the semantic relationship between ‘body image’, ‘health’, and
‘self-esteem’, particularly among ‘females’ — how they ‘perceive’ and are ‘perceived’.
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3.7 Topic 7: Communication Strategies and Cultural Practices
for Digital Literacy

In the ML corpus, 428 publications best describe T7 (see, appendix A). The top 15 words
based on their frequency in the word cloud (Figure 8) and their TF-IDF score are ‘strategies’,
‘literacies’, ‘digital’, ‘digital literacies’, ‘cultural’, ‘materials’, ‘methods’, ‘literature’, ‘culture’,
‘writing’, ‘engagement’, ‘methods’, ‘texts’, ‘visual’, and ‘practices’.
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ChatGPT provides a synthetic description of T7 as follows:

This topic explores the development of communication strategies and cultural practices that
enhance digital literacy in contemporary society. It focuses on how digital literacies can be
cultivated through diverse methods and materials, including visual texts and digital writing.
The discussion includes an examination of cultural influences on digital literacy practices,
highlighting the role of engagement with various forms of media and literature. The aim is
to identify effective strategies that can be used to teach and reinforce digital literacy skills,
considering the cultural context and the evolving nature of digital communication methods.
This synthesis of strategies and practices seeks to equip individuals with the skills necessary
to navigate and contribute to the digital cultural landscape effectively. (OpenAl, n.d.g)

There is a semantic relationship between the words ‘strategies’, ‘culture’, and ‘digital’.

3.8 Co-citations of Sources

The co-citation analysis of publication sources using VOSviewer reveals six clusters within
the dataset. With minimum threshold set to 18 citations per source, a total of 946 sources
met the inclusion criteria. These sources were analyzed for their Total Link Strength (TLS)
and interconnectedness, resulting in a comprehensive map of the network with 130,971 links
and a cumulative TLS of 829,883. The highest link and TLS scores, together with the number
of citations indicate the most significant sources.

Authors’ note: TLS score means “the total strength of the links of an item with other items” (Van Eck
& Waltman, 2023, p. 6). Higher TLS score of a source means that it is more frequently co-cited across
all the linked sources.

Authors’ note: Links score indicates “the number of links of an item with other items” (Van Eck & Waltman,
2023, p. 6).
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The network analysis revealed six distinct thematic clusters within ML research (see,

Figure 9). Below is a breakdown of these clusters in descending order:
a) Cluster 1 (C1): Media Literacy and Education (404 items)

According to the map, this cluster is centred around educational research and pedagogy,
particularly in relation to media literacy, digital education, and literacy development. The most
influential sources are:

« Journal of Media Literacy Education (938 citations, 849 links, TLS 24,795).

« Journal of Adolescent and Adult Literacy (754 citations, 689 links, 16,012 TLS).
+ Reading Research Quarterly (452 citations, 711 links, 12,159 TLS)

* British Journal of Educational Technology (185 citations, 600 links, 4,927 TLS).

This cluster’s theme incorporates research on teaching practices, digital literacy, childhood
education, e-learning, and contemporary educational technologies.
b) Cluster 2 (C2): Digital Media, Technology, and Society (198 items)
This cluster focuses on the role of technology, social media, and digital behaviour in media
literacy. Prominent sources include:
« Computers in Human Behavior (899 citations, 818 links, 30,557 TLS).
« New Media & Society (677 citations, 831 links, 18,594 TLS).
« Communication Research (559 citations, 758 links, 23,862 TLS).

The sources in this cluster reflect research on social media, digital communication,

information behaviour, online engagement, and the intersection between technology and society.
c) Cluster 3 (C3): Psychology, Behaviour, and Media Effects (161 items)

The map groups journals publishing research on the psychological and behavioural
dimensions of media literacy, particularly concerning body image, social influences, and mental
health. Key sources are:

* Body Image (956 citations, 636 links, 29,228 TLS).

« Journal of Eating Disorders (452 citations, 471 links, 17,609 TLS).

+ Psychology of Women Quarterly (210 citations, 480 links, 8,350 TLS).

+ Journal of Personality and Social Psychology (320 citations, 651 links, 13,846 TLS).

This cluster appears to be particularly germane to research on media influence on self-
perception, health communication, child and adolescent behaviour, sexuality, and addiction.
d) Cluster 4 (C4): Public Health Communication (117 items)
The cluster shows the journals in public health communication, highlighting the role of digital
media in health education, psychology, and social learning. The most cited sources include:
» Pediatrics (509 citations, 666 links, 16,541 TLS).
« BMC Public Health (198 citations, 545 links, 4,696 TLS).
* PLOS ONE (417 citations, 785 links, 10,947 TLS).

This cluster reflects the intersection of media literacy with health education, vaccine
communication, and psychological well-being, with strong connections to Clusters 2 and 3.
e) Cluster 5 (C5): Mass Communication, Public Opinion, and Journalism (43 items)
The map illustrates the journals that publish research on mass media, public discourse,
and news consumption. The most influential sources include:
« Journal of Communication (1,203 citations, 854 links, 39,888 TLS).
« Journal of Broadcasting & Electronic Media (415 citations, 738 links, 15,939 TLS).
« New York Times (236 citations, 410 links, 4,850 TLS).
* Public Opinion Quarterly (124 citations, 527 links, 6,389 TLS).
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This cluster reflects research on news media, journalism, broadcasting, political
communication, and public perception.
f) Cluster 6 (C6): Science Communication and Education (23 items)
This is the smallest cluster, encompassing journals in science literacy and public
understanding of science. Key sources include:
+ Public Understanding of Science (109 citations, 372 links, 5,225 TLS).
« Science Education (144 citations, 367 links, 4,662 TLS).
« Journal of Research in Science Teaching (116 citations, 361 links, 3,491 TLS).

The map (Figure 9) demonstrates the association of this cluster with sources pertaining to
the role of media literacy in science communication, science education, and public engagement
with scientific knowledge.
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3.9 Co-citations of Authors

The map of co-citations of authors (Figure 10) identifies four clusters. With a minimum
threshold of 25 citations per author, 1,000 of the most co-cited authors were selected for network
mapping out of 143,749 authors. The analysis identified four major clusters that represent
various thematic areas and research influences within the field.

The total link strength (TLS), which measures the frequency and strength of co-citation
relationships, indicates the influence and interconnectedness of authors. The results highlight
key scholars and their contributions. The highest link and TLS scores, together with the number
of citations indicate the most significant sources. The following is a breakdown of the clusters
in descending order:

a. Cluster 1 (C1): Media Literacy Education and Digital Media (356 Authors)

As shown in Figure 10, the most prominent authors’ research in C1 is on ML education,

digital media, and communication studies. Hobbs is the most highly cited author in this

cluster (1,210 citations, 983 links, 38,986 TLS), reflecting her widely recognized contributions

to ML education. Livingstone is another central figure (1,042 citations, 959 links, 31,329

TLS), with her research closely linked to new media, digital technologies, and society.
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b. Cluster 2 (C2): Journalism, News Literacy, and Misinformation (306 Authors)
The authors’ work in this cluster is published in journals pertaining to news literacy,
misinformation, and journalism studies. Tully is a key figure (332 citations, 724 links, 17,978
TLS), frequently cited alongside Pennycook (332 citations, 613 links, 17,291 TLS), a scholar
whose research mainly has been published in journals pertaining to news and journalism.

c. Cluster 3 (C3): Health Communication, Media Effects, and Adolescent Behaviour
(207 Authors).
The authors’ research in this cluster pertains to media influence on health behaviour,
risk communication, and information literacy. Austin is the key author (627 citations,
849 links, 34,317 TLS), whose works have been mainly published in relation to health
communication and media influence on adolescent behaviour. Pinkleton (260 citations,
740 links, 15,523 TLS) and Jenkins (659 citations, 818 links) are frequently co-cited with
Austin, contributing to research on media interventions, public health messaging, and
digital literacy. Connections to Cluster 1 (media literacy education) and Cluster 4 (body
image and health psychology) suggest a cross-disciplinary link between media literacy,
health outcomes, and psychological well-being.

d. Cluster 4 (C4): Body Image, Psychology, and Social Media Influence (127 Authors)
This cluster’s authors focus on the psychological effects of media, particularly in relation
to body image, self-perception, and social media influence. Paxton (341 citations, 637
links, 21,684 TLS) and Stice (389 citations, 388 links, 29,834 TLS) are key figures, with
their work appearing in the journal Body Image. Shaw (168 citations, 246 links, 15,981
TLS) also contributes to this area that reflect psychological research on self-esteem and
media portrayal of body standards.
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4 Discussion: Insights, Gaps, Limitations

Our findings from the topic modelling approach reflect the long-standing advocacy of
media literacy researchers and educators to incorporate ‘critical analysis’ (Topic 1) and ‘critical
thinking’ (Topic 2) into media content consumption and media education (Livingstone, 2004). T1
and T2 emphasize the development of critical thinking among students, teachers, and citizens.
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Mediatization and digitalization are woven into all aspects of humans’ lives, including
societal, cultural, political, educational, health and individual frameworks, as reflected in the ML
literature, suggesting the multi-faceted nature of digital literacy and media literacy. As shown
in Topic 4, there is a vigorous emphasis on initiatives to enhance the ML skills of consumers,
creators, and users, and to understand how to navigate the media environment and media
content (Bulger & Davison, 2018). Media literacy is an ongoing project that is born anew in each
generation (Hobbs, 2016). As technology evolves at a rapid pace, our knowledge and efforts
need to keep up. The semantic relationship between words in T4 shows a connection between
educational elements and media, reflecting the integration of digital media into education,
knowledge design, and learning processes.

It is equally important to understand the impacts of media on society, culture, and digital
behaviour. Consumers’ new media practices and behaviours vary in different cultures (Topic
7) and contexts. Cultural practices play a significant role in shaping our understanding of the
stories and images in the media, with varying effects depending on whose voices we elevate.
The impacts and outcomes vary from culture to culture, individual to individual, and gender
to gender.

As highlighted in prior bibliometric studies, the dominant themes in the literature on ML have
been mainly related to pedagogy, media education, adolescents, children, information literacy,
critical thinking, digital divide, internet, culture and literacy, and behaviour (Kolle, 2017; Batpe,
2021; Ghanbari Baghestan, 2019; Park et al., 2021). Health literacy (Wu et al., 2025), particularly
among females and youths, has not been prominently mentioned in past bibliometric studies.
Our topic modelling results from Topic 6 demonstrate that media literacy plays a significant
role in self-perception and health behaviours among females and adolescents.

The thematic mapping of co-cited sources and authors underscores the multidisciplinary
nature of ML research. Collaboration within the field is particularly evident in areas such as
news literacy, media effects on public health, and digital citizenship education. The presence
of journals covering diverse scope encompassing ML education, digital media and technology,
self-perception, health communication, journalism, and public opinion further reflects the multi-
disciplinarity of research into ML.

Authors from various disciplines contribute to ML research. Austin’s publications are in
journals within Cluster 4 of co-cited sources, which focus on health communication, particularly
regarding children and adolescents. Hobbs’ work is predominantly in media literacy education,
aligning with Cluster 1 of co-cited sources. Livingstone connections to C5 in the sources (new
media and society) suggest an intersection between media literacy, digital communication, and
societal impacts. Tully is associated with C5 of co-cited sources, which encompasses mass
communication and news media literacy. Similarly, Paxton contributions are linked to C3 of
co-cited sources on body image.

These findings highlight the broad scope of ML research and demonstrate how scholars
from diverse disciplines contribute to research in the field which incorporate the educational,
psychological, technological, and societal implications of ML.

Considering media literacy research at more granular levels could provide insight into
smaller or emerging literatures. Future research might benefit from exploring approaches at
meso- or micro-level analyses, enabling detection of smaller topics such as media literacy
issues in cultural or regional contexts, which our topic model did not detect. Likewise, we
did not detect a topic on media creation and communication capabilities, a key component
of media literacy education, which will require further investigation. However, smaller or more
specialized literatures might be best investigated through highly focused, qualitative systematic
literature reviews rather than with bibliometric approaches.
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5 Conclusion

The novelty of this study lies in identifying the key latent topics within the ML literature, along
with the documents that best represent each topic. This approach systematically identifies topics
in a transparent manner while reducing a large corpus into a more manageable, interpretable,
and analytically efficient structure. In addition, the application of topic modelling facilitates the
discovery of topics within extensive corpora through an automated process that can produce
useful and insightful results in a reasonably short period of time.

Although various software tools could have been utilized on a stand-alone basis to conduct
this analysis, as in past bibliometric studies, our study uses three complementary tools for topic
modelling, characterization of topics, and analysis and visualization of co-citation patterns. In
this study we utilized a straightforward, easily learnable, open-access, NLP-based tool and
combined it with generative Al to produce an overview of the key topics in the English-language
media literacy research literature. Al is effective in handling large, complex datasets, and LLMs
are quite helpful in assisting researchers to interpret data, whether numeric or textual, in a time
and labour-efficient manner (Mohammadabadi et al., 2024; Ray, 2023). By implementing a two-
shot prompt engineering approach, we addressed possible concerns regarding the validity of
ChatGPT’s synthetic accounts. This method ensures that each iteration produced relatively
consistent and convergent outputs, showing how ChatGPT can assist researchers by generating
plausible summaries and synthesizing information (Ray, 2023).

VOSviewer is a powerful tool for mapping and visualizing research literature, offering a
thematic representation of scholarly domains. When integrated with complementary approaches
such as topic modelling, it can provide deeper analytical insights into the structure, trends, and
interdisciplinary connections within the research landscape.

Orange3 proved to be a powerful and efficient tool to identify latent topics through topic
modelling and semantic relationships through ontology. This provides legible and easily
interpretable visualizations when handling large datasets without the resulting graphs becoming
cluttered and overly dense, and with the capability of adjusting parameters interactively at each
step to meet specific research objectives, which is a requirement for flexibility. We found that
with Orangeg3, all data can be organized and extracted into a table or spreadsheet, making
manipulation, export to other software programs, and interpretation more feasible. In sum,
Orange3’s LDA topic modelling provides scalability and flexibility, both of which are crucial for
identifying latent topics and discovery of novel insights in large corpora.

Although we mitigated errors in the Al-based text-mining approach by supervising the model,
adjusting parameters, iteratively examining solutions, and comparing results after independently
performing all procedures, researchers’ judgments affect the research outcomes. Biases may
be influenced by the selection of databases and stopwords, which are shaped by researchers’
objectives and perspectives (Sonk & Tunger, 2024).

Our study provides a comprehensive overview of the media literacy research literature.
Moreover, we have described how Al-assisted software, including NLP and large language
models, can help researchers navigate and analyze large, rapidly growing bodies of research
literature. Using Al-assisted methods, our computational bibliometric analysis of 4,082
documents identifies seven key topics in the literature, underscoring the diverse, evolving, and
expanding nature of media literacy research today. Media literacy has profound implications
for society, culture, and health, constituting a dynamic and vital area of research and education
in today’s deeply mediatized world. This is particularly crucial in this digital age when Al has
become increasingly prevalent. Bibliometric studies can offer a comprehensive overview of this
expanding field and enable educators and researchers to critically assess its various dimensions.
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